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1 APPENDIX A
Table S1. List of Abbreviations

Affinity Propagation (AF Prop) Affinity Propagation

Balanced Iterative Reducing and Clustering using Hierarchies (BIRCH) Balanced Iterative Reducing and Clustering using Hierarchies

Ball-Hall (BH) Ball-Hall

Cluster Affinity Search Technique (CAST) Cluster Affinity Search Technique

Cluster Identificaton using Connectivity Kernels (CLICK) Cluster Identificaton using Connectivity Kernels

clustering in quest (clique) clustering in quest

Clustering Large Applications (CLARA) Clustering Large Applications

Clustering Large Applications based on Randomized Search (CLARANS) Clustering Large Applications based on Randomized Search

clustering using representatives (CURE) clustering using representatives

core-attachment method clustering (CoAch) core-attachment method clustering

Davies-Bouldin (DB) Davies-Bouldin

Density Based Clustering of Applications with Noise (DBSCAN) Density Based Clustering of Applications with Noise

density-based clustering (DenClue) density-based clustering

Divisive Analysis (DIANA) Divisive Analysis

divisive projected clustering (DPClus) divisive projected clustering

Expectation Maximization (EM) Expectation Maximization

expectation maximization based gaussian mixture model (EMGMM) expectation maximization based gaussian mixture model

Fuzzy C-Means (FCM) Fuzzy C-Means

Gaussian mixture models (GMM) Gaussian mixture models

influence power based clustering algorithm (IPCA) influence power based clustering algorithm

K-nearest neighbour (KNN) K-nearest neighbour

Minimal Spanning Tree (MST) Minimal Spanning Tree

molecular complex detection (MCODE) molecular complex detection

normalised internal indices (NII) normalised internal indices

ordering points to identify clustering structure (OPTICS) ordering points to identify clustering structure

partitioning around medoids (PAM) partitioning around medoids

principal component analysis (PCA) principal component analysis

robust clustering (ROCK) robust clustering

root mean squared error (RMS) root mean squared error

superparamagnetic clustering (SPC) superparamagnetic clustering

Trace W (TrW)TrWTrace W Trace W

variational bayesian inference gaussian mixture model (VBGMM) variational bayesian inference gaussian mixture model
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2 APPENDIX B
Table S2. Results of all clustering algorithms for feature-sets Eks, Dks, Uks, and Upca

Algorithms Eks Dks

Rand
Accu-
racy

DB BH TrW Rand Accu-
racy

DB BH TrW

original 1 100 1 1 1 1 100 1 1 1
K-medoids 0.99 99.37 0.99 0.98 0.99 0.9 92.54 0.98 0.95 0.93

K-means 0.99 99.37 0.99 0.98 0.99 0.91 92.83 0.98 0.95 0.93
Agglomerative 0.99 99.26 0.99 0.99 0.99 0.85 87.90 0.99 0.96 0.97
ISO-SPLIT 0.99 99.26 0.99 0.98 0.99 0.89 91.87 0.98 0.94 0.93

BIRCH 0.99 99.26 0.99 0.99 0.99 0.91 92.89 0.99 0.98 0.96
Chameleon 0.92 87.81 0.73 0.54 0.96 0.88 83.58 0.95 0.91 0.88
CAST 0.97 97.01 0.82 0.45 0.99 0.63 54.69 0.69 0.71 0.97

FCM 0.99 99.37 0.99 0.98 0.99 0.90 92.63 0.98 0.95 0.93
VBGMM 0.92 80.29 0.36 0.14 0.98 0.88 73.40 0.66 0.34 0.94
EMGMM 0.90 76.14 0.47 0.29 0.98 0.86 65.31 0.62 0.52 0.91

SPC 0.67 8.14 0.99 0.85 0.90 0.87 78.94 0.94 0.65 0.72
Mean-shift 0.98 97.98 0.98 0.91 0.97 0.94 94.08 0.9 0.66 0.83
DPClus 0.82 82.73 0.91 0.76 0.75 0.76 76.07 0.96 0.93 0.93
Klustakwik 0.91 79.64 0.39 0.74 0.98 0.92 82.45 0.67 0.65 0.94

CLICK 0.87 75.89 0.83 0.97 0.98 0.69 65.4 0.93 0.73 0.97
DIANA 0.77 67.37 0.76 0.4 0.34 0.34 33.7 0.96 0.47 0.53
AF Prop 0.73 27.93 0.88 0.96 0.93 0.74 33.72 0.96 0.92 0.72
OPTICS 0.68 17.17 0 0.91 0.97 0.68 12.38 0.14 0.79 0.94

CoAch 0.67 4.25 0.81 0.87 0.92 0.67 4.78 0.9 0.69 0.61
IPCA 0.66 1.22 0.84 0.87 0.91 0.66 0.58 0.94 0.68 0.58

graph-entropy 0.66 1.24 0.96 0.86 0.9 0.66 0.78 0.92 0.65 0.52

MCODE 0.62 3.35 0.73 0.87 0.72 0.61 3.3 0.82 0.69 0.94
clique 0.33 0.22 0.89 0.76 0.09 0.75 64.29 0.89 0.81 0.76

CURE 0.99 66.83 0.99 0.98 0.99 0.33 0.11 0.91 0.99 0.48

ROCK 0.96 64.48 0.99 0.86 0.95 0.35 0.2 0.91 0.65 0.63
DBSCAN 0.98 97.87 0.85 0.47 0.99 0.33 33.3 0.85 0.61 0.47

Algorithms Uks Upca

Rand
Accu-
racy

DB BH TrW Rand Accu-
racy

DB BH TrW

original 1 100 1 1 1 1 100 1 1 1
K-medoids 0.87 80.39 0.97 0.87 0.86 0.67 56.95 0.98 0.8 0.84

K-means 0.82 78.86 0.97 0.87 0.85 0.67 57.61 0.98 0.8 0.84
Agglomerative 0.84 80.88 0.97 0.87 0.85 0.67 55.45 0.98 0.81 0.86
ISO-SPLIT 0.9 88.33 0.97 0.86 0.87 0.89 87.85 0.98 0.86 0.91

BIRCH 0.84 80.88 0.97 0.87 0.85 0.67 55.45 0.98 0.81 0.86
Chameleon 0.68 64.02 0.98 0.82 0.8 0.67 62.39 0.98 0.73 0.78

CAST 0.88 86.29 0.99 0.77 0.88 0.86 84.31 0.99 0.61 0.9

FCM 0.70 63.96 0.98 0.86 0.85 0.67 55.49 0.98 0.80 0.84
VBGMM 0.58 39.59 0.96 0.96 0.85 0.64 52.74 0.99 0.93 0.77
EMGMM 0.57 34.04 0.95 0.95 0.86 0.62 46.22 0.99 0.86 0.78

SPC 0.75 62.41 0.97 0.76 0.72 0.51 27.33 0.98 0.61 0.61
Mean-shift 0.81 82.02 0.97 0.85 0.96 0.44 0.01 0.97 0.61 0.59

DPClus 0.53 40.44 0.99 0.81 0.78 0.51 24.76 0.99 0.7 0.77

Klustakwik 0.64 50.39 0.98 0.88 0.82 0.84 81.18 0.99 0.38 0.87
CLICK 0.46 27.06 0.98 0.89 0.48 0.46 26.44 0.98 0.74 0.6
DIANA 0.89 87.21 0.97 0.95 0.89 0.67 55.78 0.99 0.95 0.83
AF Prop 0.44 0.04 0.96 0.76 0.66 0.44 0.2 0.98 0.61 0.59

OPTICS 0.44 4.28 0.85 0.8 0.9 0.44 2.0 0.89 0.68 0.88

CoAch 0.44 1.80 0.99 0.76 0.68 0.44 1.15 0.99 0.62 0.61
IPCA 0.44 0.69 0.98 0.76 0.67 0.44 0.53 0.98 0.61 0.6
graph-entropy 0.44 0.28 0.97 0.76 0.66 0.44 0.27 0.98 0.61 0.59

MCODE 0.46 1.14 0.99 0.76 0.9 0.45 0.98 0.99 0.62 0.99
clique 0.38 3.7 0.98 0.76 0.5 0.55 0.08 0.99 0.79 0.4

CURE 0.55 53.9 0.96 0.92 0.33 0.55 55.7 0.97 0.92 0.41

ROCK 0.44 1.07 0.03 0.77 0.36 0.44 0.52 0.023 0.68 0.43
DBSCAN 0.57 72.19 0.99 0.23 0.34 0.55 33.3 0.97 0.66 0.4
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